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ABSTRACT

This paper introduces the Transformer, a novel neural network

architecture that relies entirely on self-attention mechanisms,

dispensing with recurrence and convolutions entirely. The model

achieves significantly better results in translation tasks and is much

more parallelizable, leading to reduced training time.

KEYWORDS

Proposed the Transformer architecture. Introduced the concept of

multi-head self-attention. Outperformed previous models (like

RNNs and LSTMs) on translation benchmarks. Enabled the

development of later large-scale models like BERT, GPT, and T5.
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INTRODUCTION:

Positional Encoding: Adds position information to input embeddings. Scaled Dot-Product Attention:

Core mechanism to focus on relevant words. Multi-Head Attention: Allows the model to jointly

attend to information from different representation subspaces. Feedforward Networks: Used after

attention layers. Layer Normalization and Residual Connections: Improve training stability and

convergence.

MATERIALS AND METHODS:

This paper laid the foundation for modern NLP models. The Transformer architecture is the backbone

of ChatGPT, BERT, T5, and many other state-of-the-art models.

RESULTS:

This paper introduces the Transformer, a novel neural network architecture that relies entirely on self-

attention mechanisms, dispensing with recurrence and convolutions entirely. The model achieves

significantly better results in translation tasks and is much more parallelizable, leading to reduced

training time.

DISCUSSION:
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CONCLUSION:

Positional Encoding: Adds position information to input embeddings. Scaled Dot-Product Attention:

Core mechanism to focus on relevant words. Multi-Head Attention: Allows the model to jointly

attend to information from different representation subspaces. Feedforward Networks: Used after

attention layers. Layer Normalization and Residual Connections: Improve training stability and

convergence.

Ashish Vaswani et al., Anusearch-IJPAS, 2025, 1(1): Page 2 | Research article 



ABBREVIATIONS:

Positional Encoding: Adds position information to input embeddings. Scaled Dot-Product Attention:

Core mechanism to focus on relevant words. Multi-Head Attention: Allows the model to jointly

attend to information from different representation subspaces. Feedforward Networks: Used after

attention layers. Layer Normalization and Residual Connections: Improve training stability and

convergence.

FUNDING:

This paper introduces the Transformer, a novel neural network architecture that relies entirely on self-

attention mechanisms, dispensing with recurrence and convolutions entirely. The model achieves

significantly better results in translation tasks and is much more parallelizable, leading to reduced

training time.
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